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(Abstract] Objective To learn the relationship between TCM pattern differentiation and feature classification of TCM tongue
manifestations in stroke patients through convolutional neural networks (CNN), so as to provide a diagnostic basis for exploring new
standardized clinical treatment methods for stroke. Methods A total of 284 stroke patients were selected as subjects, and DenseNet201
was fine—tuned by transfer learning for feature vector extraction. The feature vectors were selected using information gain, chi—
square test, symmetric uncertainty, and ReliefF filtering algorithm, combined with deduplication. Finally, Cubic SVM was used to

form a crossover dataset for training and testing on multiple classifiers to compare the accuracy of the models. Results The
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combined four—class feature extraction algorithm resulted in an accuracy rate higher than 3.26% of the basic result, and compared

with other classifiers and the unimproved DenseNet201, the Cubic SVM classifier achieved optimal results, providing an accuracy

rate of at least 9574% in the pattern differentiation of TCM tongue manifestations in stroke patients. Conclusion The

methodological structure for the classification model of TCM tongue manifestations proposed in this study is effective, and it can

assist clinical TCM physicians in diagnosis and treatment, which is worthy of clinical promotion and further in—depth research.

(Keywords) TCM tongue diagnosis; deep learning; classification of tongue manifestations; support vector machine; feature

selection
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