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Research on TCM Eye Diagnosis Based on the Segmentation and Classification of

Retinal Vessels in Fundus Images

LI Xiang, DENG Ying, JIANG Pengfei, PENG Qinghua*
(Hunan University of Chinese Medicine, Changsha, Hunan 410208, China)

(Abstract] Eye diagnosis of traditional Chinese medicine (TCM) is a method to diagnose systemic diseases by observing the
changes of spirits, expressions, shapes and states of eyes. Fundus observation is the most important content of eye diagnosis. The
changes of retinal vascular structure are closely related to many chronic diseases. The application of image processing techniques to
fundus images can provide early diagnosis of systemic diseases. Fundus image segmentation is the basis of fundus vascular research
and can be roughly divided into five main categories matched filtering blood vessel tracking, mathematical morphology, deformable model,
and machine learning. Classification of fundus vessels, such as arteriovenous classification, provides important value for
clinical diagnosis. Based on this kind of research, we put forward the practical application methods of fundus segmentation and
classification methods in the eye diagnosis of TCM.
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