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Data Mining of Medication Rule for Depressive Disorder Based on Ancient Books and Academic

Experience of Famous Traditional Chinese Medicine Experts

LEI Yaling', RUAN Shaoping'*, CAO Jin', YUAN Jie', WANG Pei', CHEN Yang’, HAN Zucheng'
(1. Shaanxi Provincial Hospital of Traditional Chinese Medicine, Xi‘an, Shaanxi 710003, China; 2. School of Clinical Medicine,
Shaanxi University of Chinese Medicine, Xianyang, Shaanxi 712046, China)

(Abstract] Objective To investigate the medication rule for depressive disorder based on data mining of ancient traditional
Chinese medicine (TCM) books and the experience of famous TCM experts. Methods The database of the diagnosis and treatment
of depressive disorder was established based on ancient books and the experience of famous TCM experts. IBM SPSS Statistics 21.0
and IBM SPSS Modeler were used, and data mining techniques including frequency statistics, cluster analysis, association rule, and
factor analysis were used for analysis and comparison. Results As for medication for syndrome differentiation and treatment, ancient
books had more abundant drugs and emphasized syndrome differentiation based on viscera and bowels such as the liver, the spleen,
the heart, and the kidney; factor analysis showed that ancient books tended to use the prescriptions of Yueju Pill, Erchen
Decoction, and Guipi Pill, while famous TCM experts tended to use self—made prescriptions and experienced prescriptions. As

for drug combination for common accompanying symptoms of depressive disorder, ancient books tended to use heat—clearing, blood—
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activating, phlegm—eliminating, and Qi-moving drugs, while famous TCM experts tended to use heat—clearing, blood—cooling, liver—
soothing, and heart —-nourishing drugs. As for core drugs and commonly used drug combinations, ancient books tended to use
Rhizoma Ligustici Chuanxiong, Rhizoma Cyperi, Poria cocos, Pinellia ternata, and tangerine peel as core drugs, and commonly
used drug combinations included Radix Angelicae Dahuricae combined with Platycodon grandiflorus, Polygala tenuifolia combined
with jujube seed, and agilawood combined with Acorus tatarinowii, Rheum officinale, Curcuma aromatica, and areca nut; famous
TCM experts tended to use Bupleurum chinense, Radix Paeoniae Alba, Angelica sinensis, Poria cocos, and Rhizoma Cyperi as
core drugs, and commonly used drug combinations included areca nut combined with Citrus medica var. sarcodactylis, jujube
combined with lily, and pangolin combined with Liquidambaris Fructus and Gleditsiae Spina. Conclusion Although there
are differences between ancient and modern medications for the diagnosis and treatment of depressive disorder, both ancient books
and the experience of famous TCM experts have a reference value in clinical practice. There are abundant medication
theories derived from ancient books, which is worthy of further data mining and research.

(Keywords) depressive disorder; ancient book; famous traditional Chinese medicine expert; data mining; experience summary
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